
SkillsBench: Benchmarking How Well Agent 

Skills Work Across Diverse Tasks​

https://arxiv.org/pdf/2602.12670​

https://github.com/benchflow-ai/skillsbench

GitHub - benchflow-ai/skillsbench: SkillsBench evaluates

how well skills work and how effective agen

SkillsBench evaluates how well skills work and how effective agents are at usin…

• 首个系统测评Agent Skills框架，第一个领域专家构建综合Agentic Benchmark​

• 涵盖86个任务、11个领域、7种agent配置​

• 揭示Agent Skills的insights​

Skills介绍：​

Problem：Agents need procedural knowledge​

Claude Code, Codex提供了强大的通用能力，但是：​

• Domain Speific Tasks需要特定的流程知识​

• Fine tuning牺牲了通用性​

• Token开销​

https://arxiv.org/pdf/2602.12670




Skills对比其他runtime augmentation范式：​



Skills的逻辑关系：​

Benchmark概览：​

开源社区提供越来越多的skills，但是缺乏对Skills如何/何时提高Agent性能的评估​



Configuration划分：​



• With Skills​

• Without Skills​

• Self-generated Skills：排除LLM内部已有的知识​

指标：

Pass Rate: the binary reward across 5 trials​

Normalized Gain: ​



Benchmark构建：​

Key Findings:​

Skills提供了显著的增益，Claude Code的收益最大：​



不同的domain下，skills带来的收益差别非常明显：​



Skills的数量与复杂度对性能的影响：​

Self-generated Skills基本没有作用：​

Case study分析出两种失败模式：procedure不准确；缺乏领域知识​



Skills可以弥补model scale的不足：​



Future Work：​

• Self-generated Skills：外部反馈 & Self-evlove，例如AutoSkill, SkillRL, 
SkillsCreator(https://mp.weixin.qq.com/s/vjMG8i7DwQ7R2B1C4AVQdA)等​

• Domain Skills​

https://mp.weixin.qq.com/s/vjMG8i7DwQ7R2B1C4AVQdA

